
Outpatients prescribed with fluvoxamine around the
time of COVID-19 diagnosis are not at a reduced risk
of subsequent hospitalization and death compared to
their non-prescribed peers: population-based ...

Trkulja, Vladimir; Kodvanj, Ivan

Source / Izvornik: European Journal of Clinical Pharmacology, 2023, 79, 643 - 655

Journal article, Published version
Rad u časopisu, Objavljena verzija rada (izdavačev PDF)

https://doi.org/10.1007/s00228-023-03479-3

Permanent link / Trajna poveznica: https://urn.nsk.hr/urn:nbn:hr:105:402417

Rights / Prava: In copyright / Zaštićeno autorskim pravom.

Download date / Datum preuzimanja: 2024-05-27

Repository / Repozitorij:

Dr Med - University of Zagreb School of Medicine 
Digital Repository

https://doi.org/10.1007/s00228-023-03479-3
https://urn.nsk.hr/urn:nbn:hr:105:402417
http://rightsstatements.org/vocab/InC/1.0/
http://rightsstatements.org/vocab/InC/1.0/
https://repozitorij.mef.unizg.hr
https://repozitorij.mef.unizg.hr
https://repozitorij.unizg.hr/islandora/object/mef:7166
https://dabar.srce.hr/islandora/object/mef:7166


Vol.:(0123456789)1 3

European Journal of Clinical Pharmacology (2023) 79:643–655 
https://doi.org/10.1007/s00228-023-03479-3

RESEARCH

Outpatients prescribed with fluvoxamine around the time of COVID‑19 
diagnosis are not at a reduced risk of subsequent hospitalization 
and death compared to their non‑prescribed peers: population‑based 
matched cohort study

Vladimir Trkulja1   · Ivan Kodvanj1 

Received: 5 November 2022 / Accepted: 14 March 2023 / Published online: 24 March 2023 
© The Author(s), under exclusive licence to Springer-Verlag GmbH Germany, part of Springer Nature 2023

Abstract
Purpose  To assess the effect of exposure to fluvoxamine around the COVID-19 diagnosis on subsequent hospitalizations 
and mortality in COVID-19 outpatients in a real-life setting.
Methods  Using nationwide administrative data, we identified adult COVID-19 outpatients diagnosed up to August 15, 2021 
and conducted two cohort studies. Study 1 included subjects prescribed fluvoxamine around the index COVID-19 diagnosis 
(Cohort A), their peers suffering similar psychiatric difficulties but not prescribed fluvoxamine (Cohort B) and those free  
of psychiatric difficulties/treatments (Cohort C). Study 2 included subjects prescribed fluvoxamine (Cohort Fluvoxamine) 
and their peers prescribed paroxetine (Cohort Paroxetine). Cohorts were mutually exactly matched and incidence of COVID-
19–related hospitalization, 30-day all-cause hospitalization and of COVID-19–related mortality was estimated.
Results  Of the 416,030 first-episode outpatients, Study 1 included 1016 Cohort A, 95,984 Cohort B and 275,804 Cohort C 
patients. Matched Cohort A (n = 749) vs. Cohort B (n = 31,336) relative risks (95%CI/CrI), frequentist and Bayes with skepti-
cal, otpimistic and pesimistic priors, were COVID-related hospitalization 1.37 (0.56–3.33), 1.15 (0.55–2.11), 1.03 (0.56.1.96) 
and 1.43 (0.63–2.94), respectively; 30-day all-cause hospitalization 1.88 (0.76–4.67), 1.76 (1.39–2.25), 1.76 (1.39–2.24) 
and 1.86 (1.43–2.38), respectively; COVID-19–related mortality 0.73 (0.35–1.55), 0.93 (0.53–1.76), 0.79 (0.40–1.54) and 
0.88 (0.37–2.11), respectively. Matched Cohort A vs. C (866 vs. 222,792) comparison yielded similar estimates, as did the 
matched Cohort Fluvoxamine vs. Paroxetine comparison in Study 2 (344 of 994 matched to 535 of 1796 patients).
Conslusion  Outpatients prescribed fluvoxamine around the time of COVID-19 diagnosis were not at a reduced risk of hos-
pitalizations and mortality compared to their non-prescribed peers.

Keywords  Fluvoxamine · COVID-19 outpatients · Hospitalization · Mortality

Introduction

Fluvoxamine, a selective serotonin re-uptake inhibitor (SSRI) 
has attracted much attention in efforts on drug repurposing for 
COVID-19 disease. Two randomized controlled trials (RCTs) 
[1, 2] indicated that it reduced the risk of disease deteriora-
tion when started early upon diagnosis, but other RCTs indi-
cated no benefit [3–6]. Fluvoxamine came into focus based 
on a reasonably sound pharmacodynamic rationale [7], but  

also owing to early non-randomized observations (reviewed 
in [8, 9]): fluvoxamine was either proactively offerred and 
patients opted to take it or not, or “standard” pharmacoepide-
miological studies (on administrative data) were performed. 
Regarding the former, it should be noted that besides other 
potential limitations (like sample size, confouding), studies 
of this type are burdened by uncorrectable selection bias. 
Regarding the latter, it should be appreciated that in the set-
ting of fluvoxamine for COVID-19 outpatients, such studies 
of interventions face obstacles beyond their standard limita-
tions [10]. Since fluvoxamine has no approved use in infec-
tious/inflammatory conditions, people treated with fluvoxam-
ine during early COVID-19 are treated for some underlying 
psychiatric disorder, and mental disorders might contribute 
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to poorer COVID-19 outcomes (reviewed in e.g. [11, 12]). 
Hence, when using such data to evaluate benefits/harms of 
fluvoxamine, one needs to separate the effects of two co-
exposures (fluvoxamine, underlying psychiatric condition): 
fluvoxamine exposed and non-exposed subjects should come 
from the same population (i.e., people suffering psychiatric 
difficulties). This limits the exposed vs. non-exposed com-
parison to only a subset of people with COVID-19 and data 
are informative about the treatment in broader terms (i.e., 
are generlizable) only if its effect is not conditional on the 
presence/absence of psychiatric difficulties. Furthermore, if 
participants in such studies are identified in databases of hos-
pitalized patients or patients seeking help for COVID-19, esti-
mates about the “fluvoxamine effect” are likely to be biased: 
by selective inclusion one conditions on a factor (a non-mild 
disease form) on a path between the cause (COVID-19 infec-
tion) and the outcome (hospitalization/death) and this is likely 
to generate spurious associations between the intervention of 
interest (fluvoxamine) and the outcome [13]. On the other 
hand, population-based studies embracing COVID-19 out-
patients at the time of the diagnosis are likely to be devoid 
of such biases, even if including only COVID-19 positive 
patients, since there is considerable evidence that psychiatric 
disorders (including mood disorders and their treatments) do 
not affect one’s susceptibility to SarsCov2 infection [14]. An 
important step is such an effort is definition of “fluvoxamine 
non-exposed” subjects. People suffering conditions requiring  
antidepressant/anxiolytic treatment not treated with fluvoxam-
ine are likely exposed to other treatments. Biological (mecha-
nistic) rationale to support their use in COVID-19 has been 
argued for a range of antidepressants/anxiolytics not only for 
SSRIs [8, 9], with, seemingly, an emphasis on fluvoxamine 
and fluoxetine [15]. One early observational study based on 
administrative data on COVID-19 patients identified based 
on the fact of emergency department visits of hospitalizations 
suggested that those prescribed fluoxetine (n = 470) had by 
28% lower mortality than propensity score-matched controls 
not prescribed with any SSRI [16]. However, unlike for flu-
voxamine, there are no RCTs pertainting to fluoxetine or any 
other SSRI or non-SSRI antidepressant/anxiolytic to indicate 
clinical benefit (reviewed in [8, 9]; we also could not identify 
any data by searching PubMed and OVID Medline, Scopus, 
Web of Science, ClinicalTrials.gov and the International Clin-
ical Trials Registry Platform; September 25, 2022). Therefore, 
“no exposure to fluvoxamine” seems to be an adequate defi-
nition of a control condition vs. “exposure to fluvoxamine”.

In an attempt to estimate whether in adults diagnosed 
with COVID-19 in outpatient settings the fact of being pre-
scribed with (and presumably exposed to) fluvoxamine at 
the time around the COVID-19 diagnosis affected the prob-
ability of subsequent hospitalization or death, we conducted 
two population-based matched cohort studies comparing flu-
voxamine-exposed outpatients to their non-exposed peers. 

Although the study (primarily) pertains to people who at the 
time of COVID-19 diagnosis suffered psychiatric conditions 
for which fluvoxamine was one of the possible treatments, 
it may still contribute to the overall knowledge on utility 
of fluvoxamine in early COVID-19 treatment by providing 
complementary information in the sense of being in agree-
ment or not with the estimates generated in RCTs.

Patients and methods

Study outline

We conducted two nationwide matched cohort studies 
(Study 1, Study 2) using administrative data (Fig. 1A). In 
Study 1, we defined three COVID-19 outpatient cohorts 
(Fig. 1A): Cohort A — patients suffering conditions that 
required antidepressants/anxiolytics and were exposed to 
fluvoxamine around the index COVID-19 diagnosis; Cohort 
B — patients suffering such conditions but were not exposed 
to fluvoxamine; and Cohort C — patients free of psychi-
atric disorders and treatments around the index COVID-
19 diagnosis (Table 1 for details). The three cohorts were 
mutually exactly matched on a range of pre-COVID-19 
characteristics: (i) comparison between Cohort A (treat-
ment) and Cohort B (control) was of primary interest; (ii) 
comparisons of Cohorts A or B with Cohort C were con-
sidered supportive, and informed about the “joint” effect 
of two co-exposures (antidepressant/anxiolytic + underlying 
conditions). We expected a limited number of people pre-
scribed fluvoxmine (unlike most of the other antidpressants/
anxiolytics, it is only partly reimbursed), hence to improve 

Fig. 1   A Outline of the present work. We conducted two nationwide 
matched cohort studies in COVID-19 outpatients using data routinely 
collected by the Croatian Institute for Public Health (CIPH) (see Study 
outline for details). B Anonymized raw data was prepared by CIPH from 
several databases that it maintains. COVID-19 patients were identified 
based on positive polymerase chain reaction (PCR) or rapid antigen test-
ing (RAT) performed at dedicated public testing points (ICD-10 code 
U07.1), or based on epidemiological/clinical criteria (ICD-10 code 
U07.2). Patients first diagnosed by PCR/RAT testing when seeking hos-
pital assistance for any reason were excluded at this step (at the time of 
raw database set-up, there were 23,959 such subjects recorded). Individ-
ual data were linked to databases on vaccination, deceased persons, hos-
pitalizations and Central Heath Information System (see Study outline 
for details). Anonymized data were further “tidied-up” by exclusion of 
subjects younger than 16 years and those with missing/erroneous entries 
on key variables. Also, repeated COVID-19 episodes were excluded 
and cut-off date for index COVID-19 diagnosis was set at August 15, 
2021, as to allow a sufficiently long (shortest) follow-up for outcomes to 
occur (until October 31, 2022) (see Study outline for details). Based on 
International Classification of Disease version 10 (ICD-10) code entries 
and Anatomical Therapeutic Chemical (ATC) code entries patients were 
classified into cohorts in respect to issuance of prescriptions and under-
lying morbidity. Detailed definitions of cohorts in Study 1 and Study 2 
are listed in Table 1. See also Study outline

◂
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precision of the Cohort A vs. Cohort B estimates, we con-
ducted network meta-analysis of results in matched sets A 
vs. B, A vs. C and B vs. C. Although derived from the same 
pool of original patients, matched contrasts were based on 
different pseudopopulations (by selection and weighting).

Study 2 also aimed to estimate effect of specifically flu-
voxamine exposure (treatment), but through a contrast to 
a specific “other” antidepressant/anxiolytic — paroxetine 
(control). Fluvoxamine and Paroxetine Cohort subjects (defi-
nitions in Table 1) were exactly matched on the same covari-
ates as in Study 1 (Table 2).

Prescriptions for fluvoxamine and paroxetine are repeat-
able — one issued prescription can cover a maximum of 
12 months of treatment. We reasoned that prescriptions that 
would pertain to a period shorter than 3 months were not 
likely, and also that prescriptions for a period much longer 
than 3 months were not very likely since the treated con-
ditions require medical follow-up and reconsideration of 
treatment. Therefore (Table 1), we considered that subjects 
were prescribed and (presumably) exposed to treatment if at 
least 1 prescription was issued over a period of time between 
3 months prior to- and 7 days after the index COVID-19 
diagnosis; and were not prescribed (exposed) if no prescrip-
tions were issued within 6 months prior to- and up to 21 days 
after the index COVID-19 diagnosis.

We used anonymzed data routinely managed by the Croa-
tian Institute for Public Health (CIPH), who prepared the 
initial raw dataset from databases on (i) COVID-19 labora-
tory test results (polymerase chain reaction [PCR]–based 
or rapid antigen tests [RAT]) and COVID-19 patients diag-
nosed on clinical/epidemiological criteria; (ii) COVID-19 
vaccinations; (iii) all hospitalizations; (iv) deceased indi-
viduals; (v) Central Health Information System (CEZIH) 
— primary healthcare database maintained by the Ministry 
of Health (Fig. 1B). It included all subjects diagnosed with 
COVID-19 at points of mass outpatient testing (managed 
by CIPH) or by their general practitioners (i.e., we omitted 
subjects first diagnosed when seeking hospital assistance 
for any reason) between February 25, 2020 (first recorded 
case in Croatia) and October 15, 2021. Each individual was  
linked to her/his data on: date and mode of COVID-19 diag-
nosis; demographics and COVID-19 vaccination status at  
diagnosis; medical histories from January 1, 2019 to October 
31, 2021, including comorbidities (International Classifica-
tion of Diseases [ICD-10] codes), all issued prescriptions 
(Anatomical Therapeutic Chemical codes, ATC) and other 
medical care, hospital admissions and diagnoses and dates 
and causes of death (Fig. 1B). We received a merged data-
base and (a) excluded subjects < 16 years of age and those 
for whom data on sex, date of birth, COVID-19 testing date/

Table 1   Subsets of people diagnosed with COVID-19 (up to August 15, 2021) in respect to exposure to fluvoxamine around the time of COVID-
19 diagnosis

Study 1

• Cohort A. People suffering difficulties requiring antidepressants/anxyolytics and prescribed/exposed to fluvoxamine — (i) at least one 
International Classification of Disease (ICD-10) F or G30/31.1 code entry (conditions in which fluvoxamine or other antidepressants/anxiolytics 
might have been the main or one of the required treatments) at any time between January 1, 2019 up to 7 days after the date of the index COVID-
19 diagnosis; (ii) at least one prescription for fluvoxamine issued in the period betrween 90 days prior to- and 7 days after the index COVID-19 
diagnosis; (iii) could have been prescribed other psychiatric treatments including other antidepressants/ anxiolytics between January 1, 2019 and 
the date of the index COVID-19 diagnosis.

• Cohort B. People suffering difficulties requiring antidepressants/anxyolytics not prescribed/exposed to fluvoxamine — (i) at least one ICD-
10 F or G30/G31.1 code entry (conditions in which antidepressants/anxiolytics might have been the main or one of the required treatments) at 
any time between January 1, 2019 up to 7 days after the date of the index COVID-19 diagnosis; (ii) no prescription for fluvoxamine issued in 
the period between 6 months prior to- and 21 days after the index COVID-19 diagnosis; (iii) could have been prescribed other psychiatric  
treatments including other antidepressants/anxiolytics between January 1, 2019 and the date of the index COVID-19 diagnosis.

• Cohort C. People free of psychiatric difficulties and not prescribed/exposed to fluvoxamine or to any other pharmacological psychiatric 
treatment — (i) no ICD-10 F code entries at any time between January 1, 2019 and 21 days after the index COVID-19 diagnosis, and (ii) no 
prescriptions for fluvoxamine or any of the other drugs falling into the Anatomical Therapeutic Chemical codes N05, N06 or N07B in the 
period between 6 months prior to- and 21 days after the index COVID-19 diagnosis.

Study 2

• Cohort Fluvoxamine. The same as Cohort A in Study 1, except that “other treatments” exclude paroxetine: no prescriptions issued between 
6 months prior to- and 21 days after the index COVID-19 diagnosis.

• Cohort Paroxetine. People suffering difficulties requiring antidepressants/anxyolytics and prescribed/exposed to paroxetine — (i) at least 
one ICD-10 F or G30/31.1 code entry (conditions in which paroxetine or other antidepressants/anxiolytics might have been the main or one 
of the required treatments) at any time between January 1, 2019 up to 7 days after the date of the index COVID-19 diagnosis; (ii) at least one 
prescription for paroxetine issued in the period betrween 90 days prior to- and 7 days after the index COVID-19 diagnosis; (iii) could have been 
prescribed other psychiatric treatments including other antidepressants/anxiolytics between January 1, 2019 and the date of the index COVID-19 
diagnosis, except for fluvoxamine: no prescription issued between 6 months prior to- and 21 days after the index COVID-19 diagnosis.
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result/date of diagnosis, or vaccination status/dates were 
missing or were erroneously entered; (b) identified sub-
jects with more than one COVID-19 episode: we consid-
ered that positive PCR/RAT tests or ICD-10 code U07.1/
U07.2 entries or hospitalizations related to COVID-19 that 
were ≥ 30 days apart indicated two separate COVID-19 epi-
sodes. Only the first documented COVID-19 episode for 
each subject was included in the analysis; (c) we set the 
cut-off date for COVID-19 diagnosis at August 15 2021, 
to allow for a follow-up period long-enough for outcomes 
to occur (until October 31) (Fig. 1A). Finally, we identified 
patient subsets of interest (Table 1), their outcomes and their 
matching covariates (Table 2).

This study used anonymized administrative data stand-
ardly collected through routine procedures, hence ethical 
approval was waived by the Ethics Committee of the Zagreb 
University School of Medicine and Croatian Institute for 
Public Healthy.

Outcomes

We defined three outcomes informing about unfavorable 
developments in COVID-19 outpatients. COVID-19-related 
hospitalization — hospitalization follows within 45 days 
since the index COVID-19 diagnosis, with U07.1/U07.2 
as the leading diagnosis; or hospitalization follows within 
30 days since the index COVID-19 diagnosis and U07.1/
U07.2 is listed among diagnoses. 30-day all-cause hospi-
talization — hospitalization follows within 30 days since the 
index COVID-19 diagnosis. COVID-19-related death — we 
considered that death was “related to” COVID-19 if meet-
ing any of the following (i) death occurred after the index 
COVID-19 diagnosis with U07.1/U07.2 as a cause of death, 
regardless of the time elapsed since the COVID-19 diagno-
sis (shortest possible period of observation was 77 days — 
patients diagnosed on August 15, 2021); (ii) death occurred 
within 14  days since the index COVID-19 diagnosis, 

Table 2   Covariates used for exact matching between patient subsets (Cohorts based on burden of psychiatric conditions and exposure to fluvox-
amine/paroxetine)

Matching variables used for all comparisons

Age As 5-year bins between 16 and 111 years
Sex Male or female
Vaccination status Not vaccinated; received a single-dose vaccine (i) < 14 days before COVID-19 diagnosis; (ii) 14–90 days 

before or (iii) > 90 days before COVID-19 diagnosis; received the 1st dose of a two-dose vaccine 
(i) < 14 days before; (ii) 14–90 days before or (iii) > 90 days before COVID-19 diagnosis; received 
the 2nd dose of a two-dose vaccine (i) < 14 days before; (ii) 14–90 days before or (iii) > 90 days before 
COVID-19 diagnosis

Calendar period Up to January 9 2020 (including) — still no vaccination, Alpha strain(s) prevailing; January 10–July 15, 
2021 — Alpha strain(s) prevailing, mass vaccination in progress; after July 15 2021 — Delta strain 
starts to prevail, mass vaccination in progress.

Comorbidities Charlson comorbidity index (CCI) subseted at 4 levels: 0, 1–2, 3–4 and ≥ 5, and also individual comorbidities: 
atrial fibrillation/undulation, autoimmune disease, malignant disease (cancer), congestive heart failure, chronic 
obstructive pulmonary disease, history of ischemic heart disease or a cerebrovascular disease, renal disease 
(in addition to codes in CCI: chronic kidney disease, N18; and dependence on renal dialysis, Z99.2), diabetes 
without complications, diabetes with complications and dementia (same ICD-10 codes as for the calculation 
of CCI).

Pharmacological treatments Inhibitors of the renin-angiotensine-aldosterone system (RAAS) (includes any of the following:  
angiotensine converting enzyme inhibitors, angiotensine receptor antagonists and mineralocorticoid 
receptor antagonists); diuretics (any).

Matching variables additionally used in the comparison between patients burdened with psychiatric difficulties that may require antidepressant/anxyolytic 
treatment. In Study 1 this refers to Cohorts A and B (Cohort C by definition is free of such conditions). In Study 2, it refers to both cohorts.

Mood disorders Mood (affective) disorders (F30-F39)
Nonpsychotic mood disorders Anxiety, dissociative, stress-related, somatoform and other nonpsychotic mood disorders (F40-F48)
Substance use Mental and behavioral disorders due to psychoactive substance use (F10-F19)
Non-mood psychotic disorders Schizophrenia, schizotypal, delusional and other non-mood psychotic disorders (F20-F29)
Cumulatively: F50-F59, F60-F69, F70-

F79, F80-F89, F90-F98, F04-F09
Behavioral syndromes associated with physiological disturbances and physical factors; Disorders 

of adult personality and behavior; Intellectual disabilities; Pervasive and specific developmental 
disorders; Behavioral and emotional disorders with onset in childhood and adolescence; mental 
disorders due to know physiological condition (F04, 05, 06, 07, 09)
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regardless of the declared cause; (iii) death occurred in hos-
pital, where hospitalization was COVID-19 related hospitali-
zation (as defined above), regardless of the declared cause 
of death and time elapsed since the COVID-19 diagnosis.

Identification of exposures, other treatments, 
comorbidities and vaccination status

Exposure/non-exposure to fluvoxamine or paroxetine was 
identified based on timing of prescriptions with the respec-
tive ATC codes (N06AB08 and N06AB05, respectively) 
relative to the index COVID-19 diagnosis. Subjects were 
considered to suffer conditions in which antidepressants/
anxiolytics (including fluvoxamine or paroxetine) might 
have been the main or one of the required treatments if they 
had at least one entry of any ICD-10 F codes or G30/G31.1 
codes between January 1, 2019 up to 7 days after the index 
COVID-19 diagnosis. Regarding vaccination, patients were 
classified as “not vaccinated”, or as (a) vaccinated with a sin-
gle-dose vaccine; (b) received 1st dose of a two-dose vaccine; 
(c) received 2nd (full) dose of a two-dose vaccine; and were 
further sub-classified based on time elapsed between the last 
vaccine administration and the index COVID-19 diagnosis 
(< 14 days, 14–90 days and > 90 days). Supplementary Online 
Resource 1 – Supplemental Methods – provides details on 
indentification of all treatments and (co)morbidities used to 
identify patients subsets and in covariate matching.

Matching and data analysis

We implemented exact matching using package MatchIt [17] 
in R [18] with average treatment effect as the estimand (ATE). 
Outcomes were analyzed by fitting weighted log-binomial 
models, frequentist (with cluster robust sandwich estimator 
of the standard error) and Bayesian with three different priors: 
(i) skeptical prior — moderatly informative neutral prior con-
sistent with an a priori hypothesis of no effect, centered at 0 
for the Ln(RR) with standard deviation 0.355. It assigns 95% 
probability between RR = 0.50 and RR = 2.0; (ii) optimistic 
prior — moderately informative prior centered at − 0.199 for 
the Ln(RR), with standard deviation 0.4, i.e., 18% relative 
risk reduction as seen in an up-dated Bayesian meta-analysis 
of randomized trials of fluvoxamine in this setting [19], but 
with 30% probability of an RR > 1.0; (iii) pesimistic prior — 
weakly informative prior centered at 0.199 for Ln(RR) with 
a standard deviation of 0.77. Although it suggests harm, it 
leaves 40% probability of an RR < 1.0. We used SAS 9.4 for 
Windows (SAS Inc, Cary, NC, USA) and R package rstan-
arm [20]. In Study 1, we additonally performed frequentist 
(R package netmeta [21]) and Bayesian (R packages BUG-
Snet [22] and gemtc [23], with default priors) network meta-
analysis using weighted counts and also the effect measures 
generated in Bayesian analyses with the skeptical prior.

Sensitivity to unmeasured confounding/bias

We assumed a hypothetical unmeasured confounding that 
“worked” to diminsh the (presumed) beneficial (risk-reducing) 
effect of fluvoxamine. Specifically, we assumed that among 
control subjects (Cohort B in Study 1, Cohort Paroxetine in 
Study 2), 40% were using some treatment (e.g., other antide-
pressant/anxiolytic, or any other) that was actually effective 
against COVID-19 with a marked effect of 30% reduction of the 
risk of disease deterioration (corresponds to the largest effect 
reported from RCTs of fluvoxamine [2]), and that only 1% of 
the fluvoxamine-exposed subjects were co-treated with such a 
treatment, and we corrected the observed estimates for this bias  
[24] using package episensr [25] in R.

Results

Patients

We identified 504,912 COVID-19 diagnoses in outpa-
tient settings, eventually resulting in 416,030 eligible first 
COVID-19 episodes in adult outpatients (Fig. 1B). Of those: 
(i) in Study 1, 1016 patients met the criteria for Cohort A, 
95,984 met the criteria for Cohort B and 275,804 met the 
criteria for Cohort C (Fig. 1B); (ii) in Study 2, 944 patients 
met the criteria for Cohort Fluvoxamine and 1796 met the 
criteria for Cohort Paroxetine (Fig. 1B). Raw data (berfore 
matching) across the studies/cohorts indicated (Table 3): 
(i) < 1% of the patients in each cohort were fully vaccinated 
and 95% received no vaccination whatsoever; (ii) in Study 
1, Cohort C patients (free of psychiatric difficulties/treat-
ments) appeared younger and had clearly lower prevalence 
of all comorbidities than Cohort A (psychiatric difficulties, 
prescribed fluvoxamine) and Cohort B (psychiatric difficul-
ties, not prescribed fluvoxamine) patients, who were closely 
similar in all aspects (Table 3); (ii) in Study 2, patients in 
the two cohorts were closely similar in respect to all pre-
COVID-19 characteristics, and were in this respect also 
similar to Cohort A and Cohort B in Study 1 (Table 3).

In Study 1, raw incidence of all outcomes was closely 
similar in Cohort A and Cohort B — 3.35% vs. 3.25%, 
12.5% vs. 11.5% and 3.74% vs. 4.44% for COVID-related 
hospitalizations, 30-day all-cause hospitalizations and 
COVID-related mortality, respectively (Table 3) — and 
was clearly higher than in Cohort C patients (0.94%, 5.18%, 
1.05%, respectively) (Table 3). In Study 2, raw incidence of 
all outcomes was closely similar in the two cohorts and also 
similar to Cohorts A and B in Study 1 (Table 3).

Analysis in matched sets: Study 1

Eventually, 749 Cohort A patients were matched to 31,336 
Cohort B patients; and 866 of the former and 82,323 of the 
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Table 3   Subject characteristics across subsets based on burden of psychi-
atric conditions and exposure to fluvoxamine/paroxetine (see Table 1) — 
before matching [n (%), except age]. Shown are all covariates used for 

matching (see Table 2). “Vaccination status” refers to number of doses 
received/number needed for full vaccination and time elapsed since the 
last vaccine dose

CCI Charlson comorbidity index, COPD chronic obstructive pulmonary disease, CVD cerebrovascular disease, IHD ischemic heart disease, RAAS renin 
angiotensin aldosteron system
a For clarity, age is summarized. In the matching process, it was binned (see Table 2)
b In addition to codes in CCI: chronic kidney disease, N18; and dependence on renal dialysis, Z99.2

Study 1 Study 2

Cohort A Cohort B Cohort C Fluvoxamine Paroxetine

N 1016 95,984 275,804 994 1796
Age (years)a [mean ± SD (range)] 55 ± 18 (16–99) 58 ± 17 (16–105) 43 ± 16 (16–96) 55 ± 17(16–98) 58 ± 16(16–95)
Male 441 (43.4) 33,604 (35.0) 144,548 (52.4) 431 (43.4) 564 (31.4)
Vaccination status
1/1, > 90 days 0 (0.0) 1 (< 0.1) 1 (< 0.1) 0 (0.0) 0 (0.0)
1/1, < 14 days 0 (0.0) 13 (< 0.1) 38 (0.1) 0 (0.0) 0 (0.0)
1/1, 14–90 days 0 (0.0) 8 (< 0.1) 43 (0.2) 0 (0.0) 0 (0.0)
Not vaccinated 958 (94.3) 90,719 (94.5) 269,392 (97.7) 936 (94.2) 1697 (94.5)
1/2, > 90 days 0 (0.0) 28 (0.0) 16 (0.0) 0 (0.0) 0 (0.0)
1/2, < 14 days 23 (2.3) 1724 (1.8) 2667 (1.0) 23 (2.3) 27 (1.5)
1/2, 14–90 days 27 (2.7) 2431 (2.5) 2645 (1.0) 27 (2.7) 51 (2.8)
2/2, > 90 days 1 (0.1) 237 (0.2) 201 (0.1) 1 (0.1) 5 (0.3)
2/2, < 14 days 0 (0.0) 298 (0.3) 205 (0.1) 0 (0.0) 4 (0.2)
2/2, 14–90 days 7 (0.7) 525 (0.5) 596 (0.2) 7 (0.7) 12 (0.7)
Calendar period
Up to January 9, 2021 591 (58.2) 55,623 (58.0) 163,836 (59.4) 574 (57.7) 1061 (59.1)
January 10 to July 15, 2021 408 (40.2) 39,112 (40.7) 106,379 (38.6) 403 (40.5) 716 (39.9)
After July 15, 2021 17 (1.7) 1249 (1.3) 5589 (2.0) 17 (1.7) 19 (1.1)
Weighted CCI
0 609 (59.9) 55,122 (57.4) 230,007 (83.4) 598 (60.2) 981 (54.6)
1–2 293 (28.8) 31,229 (32.5) 40,370 (14.6) 285 (28.7) 648 (36.1)
3–4 86 (8.5) 7375 (7.7) 4380 (1.6) 85 (8.6) 132 (7.3)
 ≥ 5 28 (2.8) 2258 (2.4) 1047 (0.4) 26 (2.6) 35 (1.9)
Additional individual conditions
Atrial fibrillation/undulation 61 (6.0) 5850 (6.1) 4017 (1.5) 60 (6.0) 84 (4.7)
Autoimmune disease 112 (11.0) 13,295 (13.9) 14,281 (5.2) 110 (11.1) 268 (14.9)
Cancer 58 (5.7) 7569 (7.9) 7109 (2.6) 55 (5.5) 128 (7.1)
Congestive heart failure 30 (3.0) 3907 (4.1) 2149 (0.8) 30 (3.0) 66 (3.7)
COPD 112 (11.0) 12,808 (13.3) 17,171 (6.2) 109 (11.0) 269 (15.0)
IHD or CVD 149 (14.7) 12,803 (13.3) 8240 (3.0) 146 (14.7) 241 (13.4)
Renal diseaseb 23 (2.3) 2067 (2.2) 1334 (0.5) 23 (2.3) 31 (1.7)
Diabetes with complications 19 (1.9) 1611 (1.7) 1131 (0.4) 18 (1.8) 34 (1.9)
Diabetes w/o complications 165 (16.2) 15,155 (15.8) 15,706 (5.7) 159 (16.0) 315 (17.5)
Dementia 37 (3.6) 2356 (2.5) 2482 (0.9) 37 (3.7) 56 (3.1)
Immunocompromised 14 (1.4) 1559 (1.6) 1375 (0.5) 14 (1.4) 23 (1.3)
Using RAAS inhibitors 293 (28.8) 30,443 (31.7) 30,386 (11.0) 284 (28.6) 644 (35.9)
Using diuretics 125 (12.3) 14,193 (14.8) 9719 (3.5) 121 (12.2) 281 (15.6)
F10-F19 28 (2.8) 2650 (2.8) – 27 (2.7) 44 (2.4)
F20-F29 119 (11.7) 5306 (5.5) – 117 (11.8) 112 (6.2)
F30-F39 446 (43.9) 20,856 (21.7) – 434 (43.7) 971 (54.1)
F40-F48 692 (68.1) 71,242 (74.2) – 676 (68.0) 1199 (66.8)
Any of F04-F09, F50-F59, F60-F69, F70-F79, 

F80-F89, F90-F98
229 (22.5) 19,431 (20.2) – 218 (21.9) 307 (17.1)

Outcomes
COVID-related hospitalization 34 (3.35) 3128 (3.25) 2590 (0.94) 32 (3.22) 65 (3.62)
All-cause 30-day hospitalization 127 (12.5) 11,266 (11.7) 14,297 (5.18) 125 (12.6) 206 (11.5)
COVID-related mortality (composite) 38 (3.74) 4261 (4.44) 2898 (1.05) 37 (3.72) 80 (4.44)
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latter were matched to 222,792 and to 268,778 Cohort C 
patients, respectively (Supplementary Online Resource 2 
– Supplemental results — provides all pairwise data before 
and after matching).

Incidence of all outcomes was lower in all matched sets 
than before matching, and there was no indication that outpa-
tients prescribed fluvoxmine around the time of COVID-19 
diagnosis (Cohort A) were at a reduced risk of any outcome 
as compared to their peers burdened with similar psychiatric 
difficulties but not prescribed fluvoxamine (Cohort B), or 
as compared to COVID-19 outpatients free of psychiatric 
difficulties and related treatments (Cohort C) (Fig. 2): all 
relative risk estimates were around 1.0 or somewhat higher 
than 1.0. Comparisons between matched cohorts B and C 
yielded more precise estimates (higher nubmer of subjects) 
(Fig. 2), but in terms of the point-estimates, A vs. C and B 
vs. C differences were closely similar (Fig. 2).

In the network analysis, direct and indirect Cohort A to 
Cohort B comparisons were consistent (Fig. 3): there was no 
indication that Cohort A patients were at a reduced risk of any 
of the outcomes compared to their Cohort B peers (Fig. 3).

Analysis in matched sets: Study 2

Eventually, 344 Cohort Fluvoxamine patients were exactly 
matched to 535 Cohort Paroxetine patients (Supplementary 
Online resource 2 – Supplemental Results — lists all covari-
ates before and after matching). Incidence of all outcomes was 

lower than before matching (Fig. 4). Incidence of “all-cause 
30-day hospitalization” (Fig. 4) was resonable (weighted event 
counts 21.9 vs. 28.8). There was no signal that outpatients 
prescribed fluvoxamine (but not paroxetine) around the time of 
COVID-19 diagnosis were at a reduced risk of this outcome as 
compared to their peers prescribed paroxetine (and not fluvox-
amine) (Fig. 4): all RR estimates were around 1.0. Incidence of 
COVID-19–related hospitalization and of COVID-19–related 
mortality was very low (< 1.0%) (Fig. 4), hence estimates were 
imprecise — however, point-estimates were closely similar to 
the estimates for Cohort A vs. Cohort B in Study 1 not indicat-
ing any benefit of fluvoxamine (Fig. 2).

Sensitivity to unmeasured confounding

Estimates corrected for (hypothetical) bias arising from a 
1:40 imbalance in co-treatment with an effective (30% risk 
reduction) non-fluvoxamine therapy between fluvoxamine-
exposed and control subjects (Cohort B in Study 1, Cohort 
Paroxetine in Study 2) did not relevantly differ from the  
actually observed estimates (Table 4).

Discussion

We observed no signal to indicate that outpatients prescribed 
with (and presumably exposed to) fluvoxamine around  
the time of COVID-19 diagnosis were at a reduced risk of 

Fig. 2   Analysis of outcomes (see subsection Outcomes for detailed 
definitions) in matched sets in Study 1. Shown are pairwise compari-
sons between patients in Cohort A (burdened with conditions requir-
ing antidepressants/anxyolytics and prescribed fluvoxamine), Cohort 
B (suffer the same conditions, but not prescribed fluvoxamine) and 
Cohort C (free of such difficulties and related treatments) (see Table 1 
for detailed cohort definitions). Depicted are weighted proportions 
(percentages) of patients with outcomes in each matched set and 
respective relative risks (RR). Priors for Bayes estimates: skeptical 
is moderately informative normal prior centered at 0.0 for Ln(RR) 

with standard deviation 0.355 — gives equal (50%) probability to 
an RR above and an RR below unity with 95% probability for an RR 
between 0.5 and 2.0; optimistic is a moderately informative normal 
prior centered at − 0.199 for Ln(RR) (i.e., 18% relative risk reduction) 
with standard deviation 0.40 — suggests a benefit but leaves 30% 
probability of an RR > 1.0; pesimistic is a weakly informative normal 
prior centered at 0.199 for Ln(RR) (i.e., 22% relative risk increase) 
with standard deviation 0.77 — suggests harm (of the same extent as 
benefit suggested by the optimistic prior), but leaves 40% probability 
of an RR < 1.0
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subsequent hospitalization or death compared to their non-
prescribed (non-exposed, control) peers. By definition, both 
subject subsets had to have ICD-10 code entries document-
ing history of a particular spectrum of psychiatric difficulties, 

and were then matched exactly on a range of psychiatric and 
other (co)morbidities, demographic and epidemiological char-
acteristics. In both analyses (Study 1, Study 2), exposure to 
the treatment of interest (fluvoxamine) was always positively 

Fig. 3   Results of network 
(frequentist and Bayes) analysis 
in Study 1: differences between 
Cohort A patients (burdened 
with conditions requiring 
antidepressants/anxyolytics and 
prescribed fluvoxamine around 
the time of COVID-19 diag-
nosis), i.e., treated; and Cohort 
B patients (suffer similar psy-
chiatric difficulties, but are not 
prescribed with fluvoxamine), 
i.e., control patients, regarding 
the outcomes of interest (see 
Table 1 for cohort definitions, 
and Outcomes for outcome defi-
initions). A Meta-analysis based 
on weighted proportions. Direct, 
indirect and total (combined, 
network) differences (relative 
risks, RR). B Meta-analysis 
based on Ln (RR) generated in 
primary Bayesian analysis with 
moderately informative skepti-
cal prior (shown in Fig. 2). 
Only total (combined) effects 
are shown (as in A, direct and 
indirect effects were consistent)
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identifed, and in Study 2 it also included explicit exclusion of 
exposure to paroxetine. Control status was always defined by 
explicit exclusion of exposure to fluvoxamine, and in Study 2 
it also included a positive identification of exposure to parox-
etine. Apart from these definitions, both exposed and control 
subjects in both analyses could have been exposed (prescribed 
with) other psychiatric treatments including other antidepres-
sants/anxiolytics, e.g., as a part of augmentation strategies and/
or to treat residual symptoms [26–28]. Although we did not 
explicitly match patient subsets regarding these “other treat-
ments”, it is reasonable to consider that potential imbalances in 
this respect were minor, if any, given that patients were exactly 
matched on a wide range of psychiatric diagnoses. Moreo-
ver, and as elaborated in the Introduction section, it is highly 
unlikely that any of the “other treatments” exerted any clini-
cally relevant anti-COVID-19 effect. Furthermore, even the 
estimates corrected for a strong hypothetical confounding bias 

arising from a large imbalance between fluvoxamine-exposed 
and control subjects in prevalence of a highly effective anti-
COVID-19 treatment did not indicate any relevant benefit of 
exposure to fluvoxamine. In this respect, and having in mind 
all the (elaborated) limitations for such extrapolations, the pre-
sent data are more in line with RCTs not supporting a benefit 
of early fluvoxamine therapy in COVID-19 outpatients [3–6] 
than with RCTs suggesting a benefit [1, 2].

Since based on administrative data, the present work has 
several (inherent) limitations common to studies of this type. 
First, “(non)exposure” is implied based on prescription (non)
issuance within a certain time-frame, however compliance 
and actual doses taken remained unknown. Next, information 
about presence and severity of symptoms at COVID-19 diag-
nosis was missing. To minimize the impact of this drawback, 
we restricted the analysis to patients diagnosed exclusively 
in outpatient settings, hence likely (at this point) suffering 

Fig. 4   Analysis of outcomes (see Outcomes for detailed definitions) 
in matched sets in Study 2. Shown are pairwise comparisons between 
patients in Cohort Fluvoxamine (burdened with conditions requir-
ing antidepressants/anxyolytics and prescribed fluvoxamine, but free 
of paroxetine, around the time of COVID-19 diagnoses) and Cohort 
Paroxetine (suffer the same conditions and prescribed peroxetine, 
but free of fluvoxamine, around the time of COVID-19 diagnosis) 
(see Table  1 for detailed cohort definitions). Depicted are weighted 
proportions (percentages) of patients with outcomes in matched sets 
and respective relative risks (RR). Priors for Bayes estimates: skepti-
cal is moderately informative normal prior centered at 0.0 for Ln(RR) 

with standard deviation 0.355 — gives equal (50%) probability to an 
RR above and an RR below unity with 95% probability for an RR 
between 0.5 and 2.0; optimistic is a moderately informative normal 
prior centered at − 0.199 for Ln(RR) (i.e., 18% relative risk reduction) 
with standard deviation 0.40 — suggests a benefit but leaves 30% 
probability of an RR > 1.0; pesimistic is a weakly informative normal 
prior centered at 0.199 for Ln(RR) (i.e., 22% relative risk increase) 
with standard deviation 0.77 — suggests harm (of the same extent as 
benefit suggested by the optimistic prior), but leaves 40% probability 
of an RR < 1.0
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only milder symptoms (if any). Further, some inaccurracies 
in identification of exposures, comorbidities and outcomes 
were probable. We believe, however, that if present, such 
inaccurracies did not relevantly bias present observations: 
(i) we used data managed by dedicated professional institu-
tions; (ii) data on key variables such as age, sex, vaccination 
status, date of COVID-19 test/test result or diagnosis were 
missing or erroneously entered in only 0.38% of the identi-
fied COVID-19 diagnoses (and these patients were excluded) 
indicating that if present, chance errors were sporadic; (iii) it 
does not seem resonable to think that occurrence of chance 
errors is “prejudiced” in respect to (non)-issuance of fluvox-
amine (or any other) prescriptions; (iv) we left a period of 
a minimum one year + 2 months (from January 1, 2019 to 
the first COVID-19 case in February 2020) to precede the 
index COVID-19 diagnosis not to miss entries of relevant 
comorbidities and issued prescriptions and other health care 
services into the Central Health Information System; (v) raw 
incidence of all outcomes was within the expectations. Inci-
dence of 30-day all-cause hospitalization was closely similar 
in all cohorts that included patients suffering psychiatric dif-
ficulties (around 12.0%), and these patients were also closely 
similar regarding age and comorbidities. Incidence was twice 
lower in patients free of such difficulties (Cohort C in Study 
1), who were also younger and less comorbid. In Study 1 
(larger), overall incidence of 6.9% (across all three cohorts) 
at the average age of 46.5 years is in agreement with expected 
4.3 to 8.5% hospitalizations among people aged 40–49 years 
who test positive for COVID-19 [29]. Although one could 
consider all hospitalizations that occur within a month 
since the COVID-19 diagnosis as “COVID-19–related”, we 
defined a separate outcome where COVID-19 was the lead or 
at least one of the discharge diagnoses (the latter part of the 
definition implying that COVID-19 could have triggerred/

worsened some underlying condition). It seems reasonable 
to assume that these were the “more severe” COVID-19 
patients. Again, all cohorts including patients with psychi-
atric difficulties were similar in this respect (around 3.3%) 
and incidence was (expectedly) much lower (0.94%) in the 
younger and considerably less comorbid patients free of psy-
chiatric difficulties (Cohort C in Study 1). The overall crude 
incidence across all cohorts in Study 1 of 1.5% is within the 
range of the reported expected incidence of severe/critical 
disease in 30–50-year olds who tested positive for COVID-19 
(1.2–2.5%) [30]. The relationship between cohorts in Study 1 
regarding (COVID-19–related) mortality was similar to that 
regarding the other two outcomes, and the overall incidence 
(across all cohorts) of 2.5% is in line with the ratio of cumula-
tive COVID-19–confirmed deaths and COVID-19 confirmed 
cases in Croatia up to October 31, 2021 [31]. Finally, due to 
exact matching on a number of covariates, matches between 
cohorts were found mainly among less comorbid subjects 
resulting in relatively low incidence of COVID-19–related 
death outcomes in matched sets and consequent imprecise 
estimates. However, all comparisons (A vs. B, or A or B vs. 
C in Study 1, and Fluvoxamine vs. Paroxetine in Study 2) 
were numerically closely similar indicating consistency of 
findings. Overall, it appears safe to conclude that we were 
able to resonably accurrately capture exposures, comorbidi-
ties, cotreatments and outcomes, and to adequatly control 
confounding. Under such circumstances, we observed no esti-
mate that would go “in favor” of the fact of being prescribed 
fluvoxamine around the time of COVID-19 diagnosis.

In conclusion, the present population-based matched 
cohort studies strongly suggest that outpatients prescribed 
with fluvoxamine around the time of COVID-19 diagnosis 
are not at a reduced risk of subsequent hospitalizations or 
death compared to their peers suffering similar psychiatric 

Table 4   Analysis of sensitivity to unmeasured confounding. Estimates 
of the effect of exposure to fluvoxamine (Cohort A in Study 1, Cohort 
Fluvoxamine in Study 2) vs. non-exposure (control condition; Cohort 
B in Study 1, Cohort Paroxetine in Study 2) generated in the Bayesian 
analysis with a moderately informative skeptical prior were corrected 
for (hypothetical) unmeasured confounding that diminished the (pre-

sumed) risk-reducing effect of fluvoxamine: a large imbalance (1:40) 
between fluvoxamine-exposed and control subjects was hypothesized 
in prevalence of an “other co-treatment” (e.g., other antidepressant/
anxiolytic) with a high efficacy (30% risk reduction) against COVID-
19 disease progression. Shown are actually observed and bias-corrected 
estimates of relative risks (RR) for all outcomes in Study 1 and Study 2

Observed RR (95%CrI) Bias-corrected RR (95%CrI)

Study 1
  Cohort A vs. Cohort B
    COVID-19-related hospitalization 1.15 (0.66–2.11) 1.02 (0.58–1.86)
    All-cause 30-day hospitalization 1.76 (1.39–2.25) 1.55 (1.23–1.99)
    COVID-19–related mortality 0.93 (0.53–1.76) 0.82 (0.47–1.55)

Study 2
  Fluvoxamine vs. Paroxetine
    COVID-19–related hospitalization 1.21 (0.60–2.36) 1.07 (0.52–2.08)
    All-cause 30-day hospitalization 1.13 (0.73–1.73) 1.00 (0.64–1.53)
    COVID-19–related mortality 0.91 (0.46–1.72) 0.80 (0.41–1.52)
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difficulties but not prescribed with fluvoxamine, or pre-
scribed paroxetine, or as compared to their peers free of 
psychiatric difficulties and respective treatments. Consid-
ering the specifics of the setting, extrapolation of the pre-
sent data to the general question of efficacy of fluvoxamine 
in early COVID-19 can only be an approximation under 
several strong assumptions; in this context, present obser-
vations agree with trial data that failed to demonstrate a 
practically relevant benefit of fluvoxamine in this setting.
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tary material available at https://​doi.​org/​10.​1007/​s00228-​023-​03479-3.

Acknowledgements  Computing was done on high-throughput com-
puting resources (HTC Cloud) provided by the University of Zagreb 
Computing Centre (SRCE). We are thankful to all the personnel at the 
Croatian Institute for Public Health (CIPH) for preparing the raw data, 
and especially for the kind support of Tamara Poljičanin MD, PhD, 
who supervised data preparation process at CIPH.

Author contribution  Vladimir Trkulja and Ivan Kodvanj designed the 
study, prepared and analyzed the data, drafted the manuscript and com-
pleted the final version.

Both authors meet the ICMJE criteria for authorship.

Funding  The study was funded by the Zagreb University School of 
Medicine.

Data availability  Data can be obtained upon a reasonable request from 
the corresponding author or directly from the CIPH.

Declarations 

Ethics approval  This study used anonymized administrative data 
standardly collected on routine procedures, hence ethical approval was 
waived by the Ethics Committee of the Zagreb University School of 
Medicine and Croatian Institute for Public Healthy.

Competing interests  The authors declare no competing interests.

References

	 1.	 Lenze EJ, Mattar C, Zorumski CF, Stevens A, Schweiger J, Nicol 
GE et al (2020) Fluvoxamine vs placebo and clinical deteriora-
tion in outpatients with symptomatic COVID-19: a randomized 
clinical trial. JAMA 324:2292–2300

	 2.	 Reis G, dos Santos Moreira-Silva EA, Medeiros Silva DC, Thabane L, 
Cruz Milagres A et al (2022) Effect of early treatment with fluvoxam-
ine on risk of emergeny care and hospitalizations among patients with 
COVID-19: the TOGETHER randomized platform trial. Lancet Glob 
Health 10:e42-51. https://​doi.​org/​10.​1016/​S2214-​109X(21)​00448-4

	 3.	 Lenze E. Fluvoxamine for early treatment of COVID-19: a fully-
remote, randomized placebo controlled trial. ClinicalTrials.
gov. https://​clini​caltr​ials.​gov/​ct2/​show/​NCT04​668950. Accessed 
26 Sept 2022

	 4.	 Seo H, Kim H, Bae S, Park S, Chung H, Sung HS et al (2022) Flu-
voxamine treatment of patients with symptomatic COVID-19 in a 
community treatment center: a preliminary result of randomized 
controlled trial. Infect Chemother 54:102–113

	 5.	 Bramante CT, Juling JD, Tignanelli CJ, Buse JB, Liebovitz DM, 
Nicklas JM et al (2022) Randomized trial of metformin, ivermectin 
and fluvoxamine for Covid-19. N Engl J Med 387:599–610

	 6.	 McCarthy MW, Naggie S, Boulware DR, Lindsell CJ, Stewart 
TG, Felker GM et al (2022) Fluvoxamine for outpatient treatment 
of COVID-19: a decentralized, placebo-controlled, randomized 
platform clinical trial. medRxiv. https://​doi.​org/​10.​1101/​2022.​10.​
17.​22281​178

	 7.	 Sukhatme VP, Reiersen AM, Vayttaden SJ, Sukhatme VV (2021) 
Fluvoxiamine: a review of its mechanism of action and its role in 
COVID-19. Frontiers Pharmacol 12:652688. https://​doi.​org/​10.​
3389/​fphar.​2021.​652688

	 8.	 Zheng W, Sun HL, Cai H, Zhang Q, Ng CH, Xiang YT (2022) 
Antidepressants for COVID-19: a systematic review. J Affective 
Disord 307:108–114

	 9.	 Mas M, Garcia-Vincente JA, Estrada-Gelnoch A, Perez-Mana 
C, Papaseit E, Torrens M et al (2022) Antidepressant drugs and 
COVID-19: a review of basic and clinical evidence. J Clin Med 
11:4038. https://​doi.​org/​10.​3390/​jcm11​144038

	10.	 Strom BL (2021) Study design available for pharmacoepide-
miological studies. In: Strom BL, Kimmel E, Hennessy S, eds. 
Textbook of pharmacoepidemiology, 3rd ed. Hoboken, NJ: Wiley-
Blackwell 20–46

	11.	 Vai B, Mazza MG, Delli Colli C, Foiselle M, Allen B, Benedetti 
F et al (2021) Mental disorders and risk of COVID-19-related 
mortality, hospitalization, and intensive care unit admission: a sys-
tematic review and meta-analysis. Lancet Psychiatry 8:797–812

	12.	 Fond G, Nemani K, Etchecopar-Etchart D, Loundou A, Goff DC, 
Lee SW et al (2021) Association between mental health disorders 
and mortality among patients with COVID-19 in 7 countries: a sys-
tematic review and meta-analysis. JAMA Psychiat 78:1208–1217

	13.	 Griffith GJ, Morris TT, Tudball MJ, Herbert A, Mancano G,  
Pike L et al (2020) Collider bias undermines our understanding 
of COVID-19 disease risk and severity. Nat Commun 11(1):5749. 
https://​doi.​org/​10.​1038/​s41467-​020-​19478-2

	14.	 Ceban F, Nogo D, Carvalho IP, Lee Y, Nasri F, Xiong J et al 
(2021) Association between mood disorders and risk of COVID-
19 infection, hospitalization and death. A systematic review and 
meta-analysis. JAMA Psychiat 78:1079–1091

	15.	 Mahdi M, Herman L, Rethelyi JM, Balint L (2022) Potential role of 
antidepressants fluoxetine and fluvoxamine in the treatment of COVID-
19. Int J Mol Sci 23:3812. https://​doi.​org/​10.​3390/​ijms2​30738​12

	16.	 Oskotsky T, Marić I, Tang A, Oskotsky B, Wong RJ, Aghaeepour 
N et al (2021) Mortality risk among patients with COVID-19 
prescribed selective serotonin reuptake inhibitor antidepressants. 
JAMA Network Open 4(11):e2133090. https://​doi.​org/​10.​1001/​
jaman​etwor​kopen.​2021.​33090

	17.	 Ho DE, Imai K, King G, Stuart EA (2011) MatchIt : nonparamet-
ric preprocessing for parametric causal inference. J Stat Softw 
42(8):1–28. https://​doi.​org/​10.​18637/​jss.​v042.​i08

	18.	 R Core Team (2020) R: a language and environment for statistical 
computing. R Foundation for Statistical Computing, Vienna, Austria

	19.	 Trkulja V (2022) Fluvoxamine for COVID-19 outpatients: for the 
time being, we might prefer to curb our optimism. Br J Clin Phar-
macol 88:4654–4656

	20.	 Goodrich B, Gabry J, Ali I, Brilleman S (2022) rstanarm: Bayes-
ian applied regression modeling via Stan. R package version 
2.21.3 https://​mc-​stan.​org/​rstan​arm/

	21.	 Schwarzer G, Carpenter JR, Rucker G (2015) Meta-analysis with 
R. Springer International Publishing Switzerland 2015:187–216

	22.	 Beliveau A, Boyne DJ, Slater J, Brenner D, Arora P (2019) 
BUGSnet: an R package to facilitate the conduct and reporting 
of Bayesian network meta-analyses. Med Res Methodol 19:196. 
https://​doi.​org/​10.​1186/​s12874-​019-​0829-2

https://doi.org/10.1007/s00228-023-03479-3
https://doi.org/10.1016/S2214-109X(21)00448-4
https://clinicaltrials.gov/ct2/show/NCT04668950
https://doi.org/10.1101/2022.10.17.22281178
https://doi.org/10.1101/2022.10.17.22281178
https://doi.org/10.3389/fphar.2021.652688
https://doi.org/10.3389/fphar.2021.652688
https://doi.org/10.3390/jcm11144038
https://doi.org/10.1038/s41467-020-19478-2
https://doi.org/10.3390/ijms23073812
https://doi.org/10.1001/jamanetworkopen.2021.33090
https://doi.org/10.1001/jamanetworkopen.2021.33090
https://doi.org/10.18637/jss.v042.i08
https://mc-stan.org/rstanarm/
https://doi.org/10.1186/s12874-019-0829-2


655European Journal of Clinical Pharmacology (2023) 79:643–655	

1 3

	23.	 van Valkenhoef G, Lu G, de Brock B, Hillege H, Ades AE, Welton 
J (2012) Automating network meta-analysis. Res Synth. Methods 
3:285–299

	24.	 Schneeweiss S (2006) Sensitivity analysis and external adjustment 
for unmeasured confounders in epidemiologic database studies of 
therapeutics. Pharmacoepidemiol Drug Saf 15:291–303

	25.	 Heine D (2021) The episensr package: basic sensitivity analysis of 
epidemiological results. https://​doi.​org/​10.​5281/​zenodo.​45545​53, 
R package version 1.1.0. https://​dhaine.​github.​io/​epise​nsr/

	26.	 Kuran BT, Greer TL, Trivedi MH (2010) Strategies to enhance the 
therapeutic efficacy of antidepressants: targeting residual symp-
toms. Expert Rev Neurother 9:975–984

	27.	 Ros S, Aguera L, de la Gandara J, Rojo JE, de Pedro JM (2005) 
Potentiation strategies for treatment-resistant depression. Acta 
Psyhciatr Scand Suppl 35:14–24

	28.	 Ballenger JC (1999) Clinical guidelines for establishing remission 
in patients with depression and anxiety. J Clin Psyciatry 60(Suppl. 
22):29–34

	29.	 Hadley E, Rhea S, Jones K, Li L, Sotner M, Bobashev G (2022). 
Enhancing the prediction of hospitalization from a COVID-19 

agent-based model: a Bayesian method for model parameter esti-
mation. PloS ONE 17(3):e0264704. https://​doi.​org/​10.​1371/​journ​al.​
pone.​02647​04

	30.	 Herrera-Esposito D, de los Campos G, (2022) Age-specific rate of 
severe and critical SARS-CoV-2 infections estimated with multi-
country seroprevalence studies. BMC Infect Dis 22:311. https://​
doi.​org/​10.​1186/​s12879-​022-​07262-0

	31.	 Croat​ia:​ Coron​aviru​s Pande​mic Count​ry Profi​le -​ Our World​ in 
Data. Accessed 20 Sept 2022

Publisher's Note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

Springer Nature or its licensor (e.g. a society or other partner) holds 
exclusive rights to this article under a publishing agreement with the 
author(s) or other rightsholder(s); author self-archiving of the accepted 
manuscript version of this article is solely governed by the terms of 
such publishing agreement and applicable law.

https://doi.org/10.5281/zenodo.4554553
https://dhaine.github.io/episensr/
https://doi.org/10.1371/journal.pone.0264704
https://doi.org/10.1371/journal.pone.0264704
https://doi.org/10.1186/s12879-022-07262-0
https://doi.org/10.1186/s12879-022-07262-0
https://ourworldindata.org/coronavirus/country/croatia
https://ourworldindata.org/coronavirus/country/croatia

	Outpatients prescribed with fluvoxamine around the time of COVID-19 diagnosis are not at a reduced risk of subsequent hospitalization and death compared to their non-prescribed peers: population-based matched cohort study
	Abstract
	Purpose 
	Methods 
	Results 
	Conslusion 

	Introduction
	Patients and methods
	Study outline
	Outcomes
	Identification of exposures, other treatments, comorbidities and vaccination status
	Matching and data analysis
	Sensitivity to unmeasured confoundingbias

	Results
	Patients
	Analysis in matched sets: Study 1
	Analysis in matched sets: Study 2
	Sensitivity to unmeasured confounding

	Discussion
	Anchor 20
	Acknowledgements 
	References


